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What it takes to build Al agents B
that actually work

11012025 | By: Ashu Garg
Andrej Karpathy — AGI is still a decade away

The problems are tractable, but they're still difficult As Andrej Karpathy put it recently: “This isn't the year of agents, it's the decade of agents.”
OWARKESEIBATEL Karpathy spent years at Tesla working on self-driving software, where he witnessed firsthand the
"‘ ¢ yawning gap between a demo that works 90% of the time and a system you can trust with your
life. In autonomous vehicles, climbing from 90% to 99.9% reliability proved exponentially harder
QO 300 D 17 A eg = Transcript than the initial climb from 0% to 90%. Al agents are now beginning that same ascent.

So what makes the last mile so difficult? Why do those extra nines of reliability matter so much?
The Andrej Karpathy episode. And what are builders actually doing to get there? This month, I'll explore these questions

. . .- L . . . through lessons from one of our portfolio founders, Ram Krishnamurthy at Maximor.
Andrej explains why reinforcement learning is terrible (but everything else is much

worse), why model collapse prevents LLMs from learning the way humans do, why
AGI will just blend into the previ ous ~2.5 centuries of 2% GDP growt h, why self The METR research group has been tracking how far frontier models can go. They measure what
: they call “horizon length™ essentially, the length of time an Al agent can work reliably before it

breaks down. They've found that the horizon length for software and coding agents has been
doubling every 7 months.

driving took so long to crack, and what he sees as the future of education.

Watch on YouTube; listen on Apple Podcasts or Spotify.

The length of tasks Al can do is doubling every 7 months <> METR

Task length (at 50% success rate)

ﬂ Andrej Karpathy — “We're summoning ghosts, not building animals” D P Train class 1e o
} SHEE - N
LLMs area 3 e (A
e a | . . n passa
different kind ’ ;

of intelligengg,

Model release date

METR research

According to analysis from Exponential View, today’s best Al systems can manage around 100
steps at 99% accuracy. That translates to a day or two of focused analyst work - something like
building a competitive landscape analysis or producing a research brief with multiple sources.
Tools like OpenAl's Deep Research can manage this level of complexity today.

RIEFaNE: @ Voulube
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EHBEPRENNERER WebGUI-1M, DeepMiner Mano Model
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category Home & Kitchen>Heating, Drag the slider to filter products Scroll in the dropdown and
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Simulation Environment
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Stage3: Online RL
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-/

Stage2: Offline RL [

Interactive Elements
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Fine-tuning on Offline Collected Data

)

Offline RL model

E} Interact with Environments

Online RL Model

User prompt 6

Look for a wall night light
on Amazon, find one
rated 4 stars or higher
thot's under 515, and odd
two to the cart.

Verify Training - Collaborative Adversarial Training

Pre-Operation Screenshot

Mano Model

Memory Trace

Step N
Offline Adversarial

Pre & Post-Operation Screenshot

InfoQ HEIERE



BAES AL ©
N
N |
MININGLAMP TECHNOLOGY
. BELB: 2718 HK

(2) OM-Mano RSEHEEETES (D OM-Benchmerk LM excan: v em— i
"5 - 05 || [asans 1123 - 233 o
O 08 o nsin » o ummsEsawan x|+ espablitriccn> . PPy -
carmas compcars #* T @ . C 5 jsamingovenbetng « o a @ NS BUALHR, RASHATHR. AESSENAZ, BE0A = —
Shop  SelTrade  Finance  Reseawrch Mo s © O & ISNEBEEER =RunAN Q
Q| | e conmuaners tamenu ot — - q
a1, ) 1o . o
Used cors for sale B .
Mano | ... ~ g crm DeepMiner
e o o
Explorer | . . . _ Benchmark
- " [ ——— - . =
% padangsugoven * [} e L]
IAETUMERET i wneo | seme
FAFN: STUIERACTEARTRES o o

- —

2 DM-Mano fESRINMBIRETE

eve @wemx X O MINEMBCTISH  x BUNEMEEYSSE X O euseMaLTSew

¢ 5 C O bonomsn « oo e
D) BEBERACEITE RitiEom 117001 BEEOW SEEDER 2186
o RiaEsn SRS (99 4BFES: 20250907074318_B0ad7Ma5
e = SR, BARMAA S, ALIDRANE, SRMAEAAS. (D] BEHAPRAIAC SN (RRACETRENID. &
121 145,431 231
Ao a9
20250912-001
arm 1200 NS 23 suzIaw 8% T UMBSWOMano APIEARE
Mano Mano
L MR AE wsnE WARDST B Action: click oxa' (537,455)")

' e RS SEEIARE

renenn

EL5EHFS

NBARN

3*Ma Vvo
|

AiCon InfoQ 1S EE

ERATERALSHAAS



= EERIEHS @S @ B

Model Training Divergence

Z 2L SOTA (State of the Art) tEBFHASOTAER R E

RENIZ TS [ EERIPAAR B D11, BASOTAMR R NEABEE,
FEEEARENE. FEES LI ERMHISOTARE

XEWE EHIE T ARG KSR, BAANREEN R F LRSS,

AN FFB S SS9 R ) IGRESTREE, MIFE BERKEHEEE,

|
IIH
[ L)

B0 m, ERENR

=1
|
LLH

AiCon InfoQ 1= &

ERATEREFALESNARE



;H

: j]CItOPﬁ‘

T BFRASING SR E ST uwEEL £ @

FF=@RASIN: HBOSVAMXBSNGE T DM RE
BARE EERM = RIRR AT, MATIHIRE
1%, BERBRESAIMLTSMMLENE,

D oum-pBEE
Q BRESE v

N T T D EE
SROES, RE

ETHBRIBMNENTEISE.. weExt 2 C

BCMWQYH BB RA MR BHR—MEMNISE
BE, HNETEI SO ALHBRRRIZR
MRBWMME, SHAHAREFRTRZMEX
BIRUE, AAGHIEI AR, RENT N R

ERMAWWLE, HHETHENNEZHRS
8. About Neodj

B BUBRIE_BO7QKSMM...

N nyshmtes

ERBRE#AEETHREE st 2 @ v
e AERRER

ERTRAREWES s BRREE, FE [ R
NEHAEE, FHRESRAXEETN—1S .
%, XRAREXMEEEERARSE, BOD6V

S4SLX. BOBKZTZM19. BOD5YVDTH3

<elementid>

<id>
D ow-tiaze description
0 BRERE M
RRESHAPNER, RESEMMESR,
BPEk:
« {ERR KR (SellerSprite) Eif) 31 ASINAYS AKX i3
displayName

© BHHEREXLXEE

« BXRGRABXPIRRIT A RIE fragment_typ

W

e_type
thread_id

ESXIE ALRFMR

AiCon

ERATEHARSHBAS

' Node properties ©

o R (T

4:8528615¢c-cced-4c40-a2d5-
¢7d58e638b04:13501

13501

BEFATHOS, THBMK
TBHEXZETETERE, ~&
A HIRTRIARI200+ 7T BEFRIESHT
EFEROFITEL, MEHH. 5
S TAIREEREARL DT
=

Lgzbexivel
CONSTRAINTS_AND_RULES

Lz berivels

fragment
[7dd38047-25d9-468e-88cb-
al157ac49d21]

o @

description

displayName

name

node_type

PIFERNERTTH, BRARNERENANANICIZ T ARENS

Node properties © »

emocepuRaL xwowmEDaE

<elementld> 4:8528615c¢-cced-4¢40-a2d5- o
€7d58e638b04:13026

<id> 13026 o

BEMEs R RTERa s ©

BHEFEES, BENLIRER
HISIFS 21 BRI R] LAB it
ITHEEEEEER, X3 A
FHEREERESTRETH.

fragment_typ P

HIRIAIE ©

ROCEDURAL_KNOWLEDGE o

HRIE D
fragment

(=]

src_thread id [e7f7851b-59¢8-4ee8-8b3a- o
cbc9a66a9b60]

Node properties © >
<elementld> 4:8528615¢c-cced-4c40-a2d5- ©
c7d58e638b04:13258
<id> 13258 e
description  BEFRaiTIETA&RRNH ©

IBSERRIMN, RAeXITLE
fLIBtRmiFREREE, B0y
T S#FEEENHETEEREMN
LA,
displayName HBS[RHE IR ¢
fragment typ USER PROFILE &
e
name HIRSEARE I L
node_type fragment e
src_thread_id [6fd5d57d-ac32-4a16-9bad- e
ab8783e52a92]

InfoQ HEIERE



R o Bl &IModel

BFCL-v4 - :Performance comparison
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