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lllustration of our pipeline for obtaining the optimal data mixture

Method BFCL-V3 MME-perception MME-reasoning OCRBench OS Avg.
w/o SFT 29.32 83.82 79.42 82.50 68.77
uniform 34.69 58.63 64.91 64.80 55.76
natural 31.41 75.47 67.01 65.90 59.95
DML Ye et al. (2024) 25.47 83.31 76.34 76.8 65.48
DaMo 43.15 84.53 80.94 83.60 73.06
DaMo (x) 47.43 85.12 82.54 83.90 /

AgenticModel(4B params) trained by predicted optimal data mixture
Paper: https://arxiv.org/pdf/2510.19336
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